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classified do

(10)  Multiply the weight of the tuple by
error(M;)/(1-error(my)); //update weights
(11)  Normalize the weight of each tuple;
(12)  Endfor

To use the ensemble to classify tupe, X:
(1)  Initialize weight of each class to 0;
(2) Fori=1 k do //for each classifier:

(3) W, = log =MD . ) eight of the
classifiers vote

(4) C=Mi(X); // get class prediction for X from
M;

(5) Add w; to weight for class ¢

(6)  Endfor

(7)  Return the class with the largest weight;

error(M;)
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Algorithm: AdaBoost. A boosting algorithm-
Create an ensemble of classifiers. Each one gives a
weighted vote.

Input:

o D, a set of d class- labled training tuples;

o K, the number of round (one classifier is
generated per round);

J a classification learning scheme.

Output: A composite model.

Method:

(1) initialize the weight of each tuple in D to
1/d;

(2)  fori=l1 to k do // for each round:

(3) sample D with replacement according to the
tuple weights to obtain D;;

4 Use training set D; to derive a model, M;;
(5) Compute error(M;), the error rate of M; (Eq.

8.34)

(6) Iferror(M;) > 0.5 then

) go back to step 3 and try again;
®) Endif

©) For each tuple in D; that was correctly
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